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Abstract

Experiments Results and Discussion

ProbAct is a novel stochastic activation function composed of a

e ProbAct is defined as:

f(a) = p(a) + e

where a is the input to the activation function, u(a) is a static or
learnable mean, ¢ defines the range of stochastic perturbation
(can be static or learnable) and € is a random value sampled
from a normal distribution N(0,1).

Accuracy Comparison between RelLU and ProbAct
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e  Every layer of a neural network computes its output y for . _ - B L .

the given input x: + STL images were resized to 32 by 32. JP e P L

y= f(WTz) (c) Noisy Input (d) Noisy Activation
where w is the weight vector of the layer and f(-) is an activation
function, such as ProbAct. References
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